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Deep Learning Algorithms

providing lift for feature extraction for sequence of events,
classification and and classification of language models, time
forecasting models Images series, etc.
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Tune Hyperparameters

T

— > Cost(hg(z),y)
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To fit parameters @ :

min .J(60) Gret ©
\_/ R

LB

To make a prediction given new z:

Output hy(z) = —L ply=1 | x,e)

2 1+e

https://www.ritchieng.com/logistic-regression/
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TensorFlOW ###DNN in TensorFlow Only###

FHAFFA AR AR

import tensorflow as tf
from tensorflow.examples.tutorials.mnist import input data

###1. Load data set, and split it if necessary
mnist = input data.read data sets ("MNIST data/")

###2. we create a holder, a container to place the computation activities in
tensorflow

###identifying format and tensor's r/c, null means any kind

VISIBLE NODES = 784

HIDDEN NODES = 400

x = tf.placeholder ("float", shape=[None, VISIBLE NODES])

y = tf.placeholder ("float", shape=[None, 10])

FHAHHH A AR AR AR A AR RS S

###DNN in TensorFlow KeRas ###

FHAHHHH A A H A F AR H S

###1. Load Data and Splot Data

from keras.datasets import mnist

from keras.models import Sequential

from keras.layers.core import Dense, Activation
from keras.utils import np utils

###3. We identify weights and biases with tensor shape, start with O

weights = tf.Variable (tf.random normal ( (VISIBLE NODES, HIDDEN NODES),
mean=0.0, stddev=1. / VISIBLE NODES))

hidden bias = tf.Variable(tf.zeros ([HIDDEN NODES]))

visible bias = tf.Variable (tf.zeros ([VISIBLE NODES])) (X_train, Y train), (X _test, Y test) = mnist.load data()

###2.Preprocess

X train = X train.reshape (60000, 784)

X test = X test.reshape (10000, 784)

X train = X train.astype('float32')

X test = X test.astype('float32')

X train /= 255

X test /= 255

classes = 10

Y train = np utils.to categorical (Y train, classes)
Y test = np utils.to categorical (Y test, classes)

###4. set up the sigmoid model and multiply x and W with matmul function,
building the
###hidden layer and reconstruction layer
hidden activation = tf.nn.sigmoid(tf.matmul (x, weights) + hidden bias)
visible reconstruction = tf.nn.sigmoid(tf.matmul (hidden activation,
tf.transpose (weights))

+ visible bias)
final hidden activation = tf.nn.sigmoid(tf.matmul (visible reconstruction,
weights)

+ hidden bias)

###5. This process can be understood as being two phases of learning ###3. Set up parameters

###positive and negative or, more poetically, waking and sleeping 1nput_3}ze = 784

L . . . batch size = 100
positive phase = tf.matmul (tf.transpose(x), hidden activation) hidden = 400
negative phase = tf.matmul (tf.transpose(visible reconstruction), racen_neurons =

final hidden activation) epochs = 30

LEARNING RATE = 0.01

weight update = weights.assign add(LEARNING RATE * ###4.Build the model

model = Sequential ()

(positive phase - negative phase)) del.add (D nidd . £ dim=i t size))
visible bias update = visible bias.assign add(LEARNING RATE * model.add ( en;e( % en_neurons, input_dim=input_size
- - . . - model.add (Activation('relu'))
tf.reduce mean(x - visible reconstruction, 0)) del.add (D (c1 _ ¢ dim=hidd ')
hidden bias update = hidden bias.assign add (LEARNING RATE * model'add Aez?e E_ass?s’finpu,— tmEhleden_neurons
tf.reduce mean (hidden activation - final hidden activation, 0)) model.add (Activation ('softmax®))

###6. Now we create the operations for scaling the hidden and visible biases,
with loss

###function feedback

train op = tf.group(weight update, visible bias update, hidden bias update)
loss op = tf.reduce sum(tf.square(x - visible reconstruction))

model.compile (loss='categorical crossentropy',
metrics=["'accuracy'], optimizer='adadelta')
model.fit (X train, Y train, batch size=batch size, epochs=epochs, verbose=l)

###5.Test

score = model.evaluate (X test, Y test, verbose=l)
print ('"\n''Test accuracy:', scorel[l])

#Test accuracy: 0.983

###7. We start the session

session = tf.Session ()
session.run(tf.global variables initializer())
current epochs = 0

###8.Run the session
for i in range(20):
total loss = 0

while mnist.train.epochs completed == current epochs:
batch inputs, batch labels = mnist.train.next batch (100)
, reconstruction loss = session.run([train op, loss op],

feed_dicE={input_placeholder: batch inputs})
total loss += reconstruction loss

print ("epochs %s loss %s" % (current epochs, reconstruction loss))
current epochs = mnist.train.epochs completed
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TensorFlow Keras

welghts =
tf.Variable (tf.random normal ((VISIBLE NODES
, HIDDEN NODES ) ,

mean=0.0, stddev=1. / VISIBLE NODES)) input size = /84
hidden bias = batch size = 100
tf.Variable (tf.zeros ([HIDDEN NODES])) hidden neurons = 400
visible bias = epochs = 30
tf.Variable (tf.zeros ([VISIBLE NODES]))

model = Sequential ()

hidden activation = model .add (Dense (hidden neurons,
tf.nn.sigmoid (tf.matmul (x, weights) + input_dim=input_size))
hidden bias) model .add (Activation ('relu'))
visible reconstruction = model.add (Dense (classes,
tf.nn.sigmoid (tf.matmul (hidden activation, input dim=hidden neurons))
tf.transpose (weights)) model.add (Activation('softmax'))

+ visible bias)
final hidden activation
tf.nn.sigmoid(tf.matmul (visible reconstruct
i1on, welghts)

+ hidden bias)
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GitHub



(D KerasZ 0|28t Realtime_Multi-Person_Pose_Estimation
#43 opened on Aug 23 by MijeongJeon 2018_Contribut...

@ Keras®} Jupyter Notebook2 =2 A|E5H= Bl
#40 opened on Aug 22 by MijeongJeon 2018_Contribut...

® VGGNet, ResNet, Inception, Xception2 £ ImageNet =5&517|
#39 opened on Aug 22 by MijeongJeon 2018_Contribut...

® Keras®l HAZEZ2E 0|23 &3M) o4
#38 opened on Aug 22 by MijeongJeon 2018_Contribut...

O Keras= 0|28t Hyperparamter Z|Xis}
#36 opened on Aug 22 by MijeongJeon 2018_Contribut...

@ KerasZ Multiple output. multiple loss 22! A7|5}7]
#34 opened on Aug 22 by MijeongJeon 2018_Contribut...

SOSCON 2019 | #[2fA Z.2|of gl

O
=]

X O|

—

X
O




SOSCON 2019 | #|2tA Z2|ot gl | Mo|X

2018 HHEC| =

Project 2|

2018_Contributhon N
Updated 23 days ago

- RESRSSREE YL
Filter caras

6 Todo = il 12 Doing s et 36 Done EEass
() KerasE& 0|28 Realtime_Multi- O AFEHE clojye] Y2 X 25 2Xlsl - & KerasE& 0|23 Multi-GPU 8&
Person_pose_ESﬁmatiOn as7| #37 opened by MijeongJeon n
#43 opened by MijeongJeon Cm #31 opened by MijeongJeon DA
iN issue #29
(1) VGGNet, ResNet, Inception, Xception2 --- ® #2tAE o|2st ZHIX 7|4t 0|0|X] HAM 0 of 3
2 ImageNet 253517| #11o ij
pened by MijeongJeon m -
.. #81 d by ohahohah B
#39 opened by MijeongJeon ) 31 openac by-ohaniole
(M Keras/examples (1): Vision models © Changes approved
(D) KerasZ Multiple output. multiple loss  *** examples
Gl Ad ui e
2T 2A5 ) . #23 opened by MijeongJeon @ (& MEo| M2 o|n|x|MleRE Ms LY7|
#34 opened by MijeongJeon . (transfer learning/fine tuning)
(O Keras®l Jupyter NotebookS 2 Al&GH= - #27 opened by MijeongJeon
(1) Kerasf/examples (4): Examples =2eid
o e e #40 opened by MijeangJeon € (& Keras vs PyTorch O{tH SHZS MEetgop &t ---
functionality 2
#26 d by Mij ' )
opanac Ry Mijeong-eah (D) Keras2HIMEERE 0|EF £2M4| 1Al #42 opened by MijeongJeon
#38 opened by MijeangJeon —
© 80{ 2 oj#S 1 MALI pETEE By TR i : s

#57 opened by Staku

® KerasZ 0|88l Hyperparamter %|%{5} & Keras® 0|23 Multi-label 22
- good first issue s g - g = -
#36 opened by Mijeong.Jeon &l' L #35 opened by MijeongJeon

eI WalllEel ot s
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2018 HECZ|HE=
Pull Request

issue 27 #7150

a8 MijeongJeon merged 94 commits into master from issue_27 27 days ago

(&4 Conversation 1 - Commits 94 B, Checks 0 Files changed 36

itsnamgyu commented on Oct 18 Collaborator ~ + (%)

2|5 HEts L ch

4/ mike2ox added some commits on Sep 3

w #15 : Title&subjects si=23st 2t=. image &Y I code 7|¥ OE 31c4be3l
A #15 : 78 o MEMK 2=, 00K SiEt st2s, THOM model LIS 23t ofF 416813
M #15 : 20/ 2 U O 4%, P CEE HY . dff8b2c
M #15 : 2= cloE MEF cf01de6
n #15 : ZEIX 24 5i zi HERPIX| Y, o|0|X] 3747te] F71 [UEZ}; Q. AEIY &4 9757508

sHE 0[0j o oy (L)

M 715 ¢ ZEIX 24 @4 244 ojojx] aaBc51a
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2018 HELZ|FE
Review
tykimos commented on Oct 10 Member + (%)
130_3| | 99-Gen
ot &3 St DMEOAL|CH 24514 GAN 2 I E0f|A BF oM 5= £20| JSLICH A Of2i= ZHEst

—iy

Hin ~0

rd40

m\Jl

'
.t >

A SHHFA| 2~
https://tykimos.github.i0/2017/12/12/One_Slide_GAN/

A FE0|M, & 20| discriminator.trainable?| E2{3E H= £20| LIQELH|, O E2i0= Huf g miot
|22 AU 0| 0f|= OFF F&H0| gi= X gLICt ot H =l REER{Q~

# DiscriminatorE S&tSA|ZILICEH,
discriminator.trainable = True
discriminator.train_on_batch(X, y_dis)

# GeneratorZ st&A|ZILICE.

noise = np.random.normal(®, 1, size=[batch_size, random_dim])
y_gen = np.ones(batch_size)

discriminator.trainable = False
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Merge

429 lines (315 sloc) 31 KB Raw Blame |History [J 4 [

2IA LSTM 22 =2 Zr2517| (How to Generate Music using a LSTM Neural Network
in Keras)

0| EA= ASHAIZYHRNN)Q! LSTM I} Python 89 £319! music21 & 0|85 XZsH= WS
RIS HHEIQLY| 20| BSS AT 2| 9
L

=
&8
Z10| Ofl Hest AU srX M CHA| £ S0[7| 20| 22 CHE o+ UASLICH 2= 0|0|X|&E2 |Z0A 7142 O|OfX[iL|Ct JZ0
M L2 2EQ| Osf £ &7 flall Z=0|| FA= =2l jupyter notebook If¥= HESIL|CE.
o F|2tA
e |STM

e Neural Netwarks layer
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HOME PQOSTS

CATEGORIES TAGS

Keras for Everyone
KEKOxTutorial

Keras 2212 REST API= H| E5|| E 7]

8 min read

2018-10-27

Keras 2= REST APIZ Bl Z3{| 27| (Building a simple Keras + deep learning REST API)

drian Rosebrock0| 2tAist OHLl AHA|2 2 Keras 222 REST API2 A|&5p= 2t

A
B Lok USLIC.

Oj0j 2} A=
LSTM

NLP
Autoencoder
music21
OpenCV
Fashoin—-MNIST
FHANAH
dd=
MNIST
AlphaGo

GRU

Data Augmentation
EyeNet

AY

=

PyTorch

NN B Y

Tag Archive

CNN

7=

GAN
dslers
=
seqZseq
Embedding
DCGAN

ML Kit

[=]- |31
Monte Carlo

7heeiy
CycleGAN
olg
Q-Learning
Siraj Raval
GPU

Framework

NN W O

Keras

Neural Style Transfer
eager execution
Classification

HE3g

RNN

Neural Network
Ensemble

Android

AlphaZero

Residual Convolutional
Network

Fine Tuning
Style Transfer
TensorFlow
Gym

4

Kaggle
Multi-label

N NN O

O
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El3=!2| Hello World, Fashion-MNIST
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Object Detector API Keras Documentation
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https.//www.istockphoto.com/kr/ https://www.princetonreview.com/med-school-advice/
https://www.webnode.com/blog/category/blogs/ https://www.dutchento.org/waarom-open-source/
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Code of Conduct

All ideas are welcome and encouraged - there are no
dumb ideas.

Remain open and constructive — constructive criticism only
please.

Explain (or avoid) acronyms, history, and context.

Build on other people's ideas — think “yes, and” or “yes,
or.”

Be focused and present. We write down actions and
owners as we go for every discussion/action proposed —
It's OK to interrupt to clarify any confusion for note taker!

@ Microsoft MVP
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